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Life-style cluster segmentation systems are among the more
popular products provided by commercial data suppliers.
However, because these systems are based on the demographic
composition of an area's residential population, they often
suggest little about the population employed in the area. This
paper describes how a special tabulation of. 1.990 census jour-

ney-to-work data was used to adapf a ¡esidence-based cluster
segmentation product for use with the workplace population.

sing small-area census data and multivariate
clustering techniques, life-style cluster segmen-
tation systems establish sets of neighborhood

types, known as clusters, and assign small geographic ar-
eas to these clusters on the basis of their demographic
composition. The PRIZM cluster system, developed by
Claritas in the 1970s, was the first product of its type; in
its present form, it assigns each of the nation's 226,399
block groups to one oÍ 62 life'style clusters. PRIZM
clusters are defined within a framework of 15 broad
cluster groups defined by socioeconomic status and an
urban-rural typology developed by Claritas (1,2). For
ease of use, the clusters are given descriptive names such
as Kids & Cul-de-Sacs, Big City Blend, or Rural Indus-
tria. The broad cluster groups are identified in Table 1,
and the 62PF.IZlrd clusters are given in Table 2.

In a typical application, a business might geocode its
customer list in order to append the relevant block group
cluster code and then analyze its product's performance

for persons living in different neighborhood types, or
clusters. By describing a cluster "profile" of their present
customers, businesses can fine-tune their marketing
efforts and identify areas with untapped sales potential.

Promotional materials often reference the saying
"Birds of a feather flock together" to convey the premise
that small areas are sufficiently homogeneous to com-
prise a neighborhood typology strongly related to life-
style and consumer behavior. Such assumptions are
better met in some areas than others, but experience
confirms that life-style clusters provide impressive con-
sumer segmentation and predictive capabilit¡ while
sparing the time and expense of a multivariate analysis
for each application.

WomprRcE CLUSTERS

The demand for daytime or workplace demographic
data has gro\¡¡n as businesses realize the opportunities to
market to consumers at or near their place of work. For
example, in evaluating potential bank branch locations,
the size and composition of the population employed in
an aÍea during business hours can be more relevant than
that of the area's residential population.

As the demand for workplace demographics has
grown, users of life-style cluster systems have asked for
workplace versions of these products. '!íorkplace 

demo-
graphic data are a challenge, since so little census data
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TABLE 1 PRIZM Cluster Groups
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SES = Socioecononic Status

Cluster Grouos
S1: Elite Suburbs
Ul: Urban Uptown
Cl: 2nd City Society
T1: Landed Gentry
52: TheAfiluentials

Urban-Rural Tvoes
R= Rural
T= Town
C = 2nd City
S = Suburban
U = Urban

Inner Suburbs
Urban Midscale
2nd City Centers
Exurban Blues
Countra Families

Urban Cores
2nd City Blues
Working Towns
He¡¡tlanders
Rustic Liúng

U3:
C3:
T3:
Rlt:
RI:

53:
a2:
C2:
T2:.
Rl:

NOTE: The 62 PRIZM life-style clusters are grouped into 15 broad "cluster groups,rr as

illustrated in the grid above. The vertical dimension reflects socioeconomic status (as

measured by income, education, occupation, and housing value), and the horizontal
dimension reflects position on the urban-rural typology defined by Claritas.

are tabulated by place of work. However, workplace
clusters present a special challenge because the homo-
geneity assumption is often unrealistic for place of work.
Birds of a feather may reside together, but the workplace
is characterized by life-style diversity-with everyone
from upper management to clerical and custodial staff
and persons at various life-cycle stages working in the
same location.

Even if one could specify the demographic composi
tion of an area's workplace population, this composition
would not translate into life-style clusters comparable
with those of the residential system. The workplace is
populated with individuals, not families, and one would
not expect to find workplace versions of clusters such as

Pools and Patios or New Empty Nest. Furthermore, the
diversity of life-styles in the workplace would likely dilute
the predictive power of workplace cluster assignments.

Given such realities, the'Workplace PRIZM product
was developed using a different approach. Rather than
defying workplace diversity by assigning single work-
place cluster codes based on the characteristics of workers,
the objective was to reflect this diversity in terms of the
residential cluster system. Specificall¡ the objective was

to identify the mix of residential life-styles (clusters)

brought to the workplace by commuters. Grounding the
workplace product in the standard PRIZM scheme

facilitates residential-workplace comparisons and pre-
serves relevance to the household-the unit most
relevant to consumer segmentation.

1990 CENSUS COMMUTING FLOWS

The'Workplace PRIZM product was made possible by a
special tabulation of the 1990 census journey-to-work
data designated Special Tabulation Product (STP) 154.
Originally produced for the U.S. Department of Agricul-
ture, this tabulation was possible because the 1990 cen-
sus long-form questionnaire collected information on
the journey to work, including the respondent's work-
place address. By geocoding respondents'residential and
workplace addresses to census tract, the tabulation de-

fines the journey to work in terms of atract of origin and
a tract of destination.

Thus, STP L54 can be viewed as a large origin-
destination matrix, including over 5 million tract-to-tract



TABLE 2 PRIZM Life-Style Clusters

Cluster
Groun Cluster ClusterNickname Bríef Descrintion Race. Ethnicitv

:l

s 0l Blue Blood Bstatcs Elitc S¡¡ocr-Rich Familics Dominant U/hite. Hich Asian
s 02 Wimc/s Circlc Exæúivc Suburbm tr'miliæ Dominmt Whitc- Hidr Asim
S 03 Exær¡tivc Suitæ Urealc WhitaCollu Comlæ DomimtWhitc- HichAsim
s 04 Pools & Patios Establishcd Emotv Ncstcrs Dominant Whiûc. Hidr Asian
S 05 Kids & C\l-dc-Sacs IIml¿ Subt¡lmFmiliæ f)ominmt Whit¿ Hioh Asim

UI 06 Urtm Gold Coast Blitc Uùm Sindæ & Comle Dominmt Whitc- Hioûr Asim
UI 07 Mono,&Brai¡s Soohisticat¿d Townhosc Counlcs Dominant \{hite. Hidr Asia¡r
In 08 Yotm Litcrali Umcale l-Irtm Sindæ & Coulc Doninmt Whit¿- Hiofi Asim
UI 09 Amcrican Drcsms Establishcd U¡ban Immi¡rant Families Mixed Ethnic DivcniW
UI 0 BohcmianMix Bohcmim Sime & Comlæ Mixcd Ethnic fjivenitv
ct Sccond Ciþ Elite Umcalc Exæutivc Fmiliæ DominmtWhitc
ct 12 UowardBou¡rd Yot-o Umc¿lc Wriûc-Coll¡¡ Families Dominmt Whiûe. Hish Asian
cl 3 CimvPowø Afflmt Retired in Smbclt Citis DoñiffitWhite
TI 4 l.lornfru Smriro Elite ExutanFamilics DominmtWhite
TI 5 Godrs Comtrv Bxccr¡tivc F-x¡lran Fmiliæ Dominet White
TI 6 BicFish SmallPond Snall Town Bxccutivc Families DorninætWhitc
TI 7 Grccnbclt Familics Yor¡nc Middlc-Class Town Families DomlnantlVhitc
s2 I Yotoc l¡flucÍtials U¡wa¡dlvMobile Si¡des & Cor¡Dlcs Dominant Whiþ. Hùh Asian
s2 9 NcwEn¡tvNets Umcale Subr¡bm F¡imc Comlæ Dominântllhitê
s2 20 Boomcrs & Babics Yor¡n¡ Whitc-Colla¡ Subu¡ban Familics Dominut ltrhitc. Hidr Asim
s2 2t Suhwbm Smwl Yomq Suhurbm Tomhow Comle Mixcd Ethnic Divenitv
S2 22 Blue-Chi¡ Bluæ Ureale Blue-Collr tr'mili* Dominant Whitc
s3 23 Uost¡rts & Senion Middlc Income Emotv Ncstcrs DominantWhitc
s3 24 NcwBeciÍninrs YoE¡s Mobilc CiW Sinclcs Mixed F.tlrnic l)ivmitv
s3 25 MobilitvBlua Yolm Blue{ollr/Swice tr'miliæ Domimtllismic
S3 26 Gr¿v Colls¡s ,A¡in¡ Couolcs in Inncr Subr¡bs Mixcd Ethnic DivcrsiW
1J2 27 U¡àanAchicrrøs Mid-I.æel Whitc-Collr llrtm Comlæ Dom \trhitc- Hiqir Asim &Hisomic
U2 28 BiqCitvBlad Middle-Income Imimt I'miliq Dominant Hisoanic. Hidr Asian

U2 29 Old YankccRows Emotv-Ncsl Mddlc4lass Fa¡nilics Dominant Whitc. Hidr Asian

v2 30 Mid-CiWMix Afüm-Amsim Sirols & F'miliæ f)omi¡mtBleck
u2 3l LstinoAmtrie Himic Middle-Class Families Domin¿nt Hisoanic

c2 32 Middlcbtnc Manaecrs Mid-Lcvcl Whih-Colla¡ Corplcs DominantWhitc
c2 33 Bmmtom Sincle Middlc Incomc Yom Siml* DominmtWhite
c2 v St¡¡tcrFmilis Yor.nc Mddlc4lass Fårnilies Mixed Bthnicitv. Hidr Hisoanic

c2 35 Susct CiW Blucs Emptv Nests in Acinc Indusbial Citios Domi¡B¡¡tWhitc
c2 36 Tom&Gom Collæc Tom Sin¡læ Dominmt White- Hich Asim
T¿ 37 NewHomcstesdüs Younc Mddle4lass FaÍiilies Dominantl{hiûc
T2 3E MiddlcAmerica Mdscale Families in Midsize Towns Dominantl{hiûe
T2 39 Rcd. Whitc &Blues Small Tom Bluc{ollr F'mili* DominmtWhitc
12 Æ Milit¿¡v Or¡a¡tcrs GIs & Sunormdin¡ Of-Basc Funilies Mixed Ethnic DiversiW
RI 41 Bic SkvFaÍrilics Midscalc Corolcs. Kids &Farmland DominmtWhite
RI 42 New Ecotonia Rual ltrhitc/Bluc-CollrlFarrn Fmilis Dominântltrhite
RI 43 RivetCiw.USA Mddle-Class Rural Fa¡nilice Dominant While
RI 4 Sharan< ,S Di¡la Rml Bluc-CollrWod<æ & Fmiliæ I)ominmtWhitc
U3 45 Sinde CitvBlus Etånicalþ-Mixed Uñ¡n Sindæ Mixed- HichAsiân
U3 4 Hispanic Mix U¡ban Hisoanio Si¡clss & Fa¡nilies Dominant Hispanic
U3 4t ImøCitiæ Ims Citv- SoloPrøt Fmilies DominmtBlæk
c3 4E Smalltown Downtown Olde¡ Renters & Younc Families Dominant lilhite- Some Hisoanic

c3 49 HomctownRetired Low-Incomc. Older Sindcs & Cou¡lcs DominantWhitc
c3 50 F'milvSmblc l-ow-lnmmc Himic Fmilics I)ominmt Flis¡mic
c3 5l Southside Citv Aûican-Amcrican Sefvicc Workers DominmtBlack
T3 52 Goldcn Ponds Retirement Town SÊniors Dominantllhiæ

5? Rml Tndutrie Etlrn õallo¡ E¡nili* Dôñinmt Whit6 Hioh flismic
T3 s4 No¡m¿Rac-ville YounqFarnilis. Bi-Racial Mill Tow DomimtBlack
T3 55 Mincs&Mlls OlderFamilics. Minc &Mll Towm Dominantllhiæ
R2 56 Ari-Bwin¿s Rwal F'm-Tom & Rmch Fmilis Dominmt White

R2 57 GrainBclt FmOwnm&Tmants Dominant lilhit€. Some Hismic
R3 5ß BlucHidrwaw Mo<leratc Blue-Collar/Fa¡m F¿arilies Dominantlilhitc
R3 59 RusticBldæ Low-Incomc- Olds- Rrral Cowla DoninmtWhitc
R3 60 Bask Cor¡ntrv Folks Rcmotc RuraVToum Fa¡nilies DominântWhite
Ril 61 Smb Pine tr'lats Oldc Afüm-Àmøicm Fm I'milies I)ominmt Blæk
R3 62 lla¡d Scrabblc Oldcr Families in Poor Isoletcd A¡eas DominântWhitc



706 DECENNIAL CENSUS DATA FOR TRANSPORTATION PLANNING: CASE STUDIES

commuting flows. The file presents each census tract as

a place of work and identifies the number of workers
commuting to that tract from various tracts of residence.
The characteristics of commuters are not identified-
just the total numbers-and these numbers are sample
data weighted to L00 percent.

Employment destinations often draw commuters
from many origin tracts. For example, Tract 201,8.02 in
the Old Town section of Alexandria, Virginia, shows a

total inbound flow of 3,425 workers from 256 tracts of
residence, and Tract 102.00 in the midtown Manhattan
section of New York City indicates 53,361, commuters

from 2,585 tracts. Table 3 illustrates the inbound com-
muting totals for a mostly residential tract in Fairfax
County, Virginia, which draws from a smaller number of
origin tracts.

An examination of the commuting flows reveals sev-
eral limitations. Since the data are based on place of
work during the census reference week, they do not al-
ways reflect a worker's regular commute, and place of
work is sometimes a vast distance from place of resi-
dence. ,A. resident of Memphis might have spent the ref-
erence week working at the company's Minneapolis
facility. However, such occurrences are relatively rare,

TABLE 3 Commuting Flows into Fairfax Count¡ Virginia, Tract 42O7.OO

Origin of Commute

St!te Countv Tract
Tot¡l
tr'low

Inct
Alloc¡ted

Pl¡ce County
Allocrted Âllocrt¡d

Flow
U¡ed

2, 003 7070.00 ll 0 0 0 tl
24 0t7 8507.03 7 0 0 0 7
2' 027 6067.O1 7 0 0 0 7

5 013 1010.00 0 0 0 5

5 0t3 l0l1.98 t4 0 0 0 t4
5 013 1012.00 5 5 0 0

5 013 r023.00 7 0 0 0 7
5 013 1030.00 6 0 0 0 6

5 050 4159.00 4 0 0 0 4

5 059 420t.oo 5 0 0 0 5

5 059 4202.00 4 0 0 0 4

5 059 4203.O0 33 0 0 0 33

5 059 4207.O0 t2 0 0 0 tt2
{ 059 4208.00 6 0 0 0 6
( 059 42tt.o0 8 0 0 0 8

5 059 4214.00 7 0 0 0 7

5 059 4217.00 6 0 0 0 6

5 059 4223.00 8 0 0 0 8

5 059 4304.00 I 0 0 0 8

5 059 4306.00 6 0 0 0 6

5 059 4314.00 6 0 0 0 6

5 059 4321.00 5 0 0 0 5

5 059 4324.00 22 I 1t ll lt
5 059 432s.O0 6 0 0 0 6

5 059 4326.00 9 0 0 0 9

5 0s9 ,1408.00 8 0 0 0 I
059 4515.00 t0 0 0 0 10

5 0s9 4523.00 39 t4 14 7 25

5 0s9 4524.OO 9 0 0 0 9

059 4525.00 8 0 0 0 8

059 4607.OO 8 0 0 0 8

059 4615.00 6 6 6 0 0

059 4811.00 l0 l0 10 0 0

059 4911.00 8 0 0 0 8

059 4924.00 8 0 0 0 8

069 0504.00 6 0 0 0 6

l3 9901.00 4 4 4 4 0

53 9012.08 3 0 0 0 3

53 90t2.t5 7 0 0 0 7

53 9015.98 6 0 0 0 6

510 2003.o2 6 0 0 0 6

510 2008.02 5 0 0 0 5

5l 510 2018.01 T2 0 0 0 T2

Total 480 50 50 22 430
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and their impact on overall commuting patterns is
negligible.

STP 154 also makes it clear that there is much room
for improvement in the geocoding of workplace ad-
dresses. For each workplace-residence tract pair, the file
indicates the "total" commuting flow; the flow allocated
to ttac:', the flow allocated to place, and the flow allo-
cated to county (or Minor Civil Division in New Eng-
land). Allocation indicates uncertainty in address coding
and is most common at the trâct level. For a specific tract
pair, the file might identify a total of 40 persons in the
commuting flow, with l-5 allocated to tract, 5 allocated
to place, and none allocated to county. Nationwide,
tract of work was allocated for about 52 percent of all
commuters, but allocation rates varied widely from area

to area. Allocation counts are illustrated in the Table 3
example.

Although the Census Transportation Planning Pack-
age (CTPP) indicates 1990 census commuting flows, it
was not a viable option for this project. Even if nation-
wide files of small-area CTPP data had been available,
their presentation for tracts in some areas and traffic
analysis zones in others would have made their applica-
tion cumbersome. By comparison, STP 154 was ready
to use.

Drv¡ropvrENT oF WomprecE PRIZM

The strategy for'Workplace PRIZM wâs to use STP 154
to transport residence-based cluster codes with com-
muters to their tract of work and thereby construct a res-
idential cluster composition at the workplace. The more
commuters originating from areas with a common clus-
ter code, the more that cluster would be represented in
the tract of work. Although conceptually straightfor-
ward, the process was complicated by the limitations of
the commuting data. First, the issue of allocation had to
be confronted, and second, a decision had to be made on
how to use tract-level commuting flows to transport
cluster codes specified at the block-group level.

Allocation

The first inclination was to not allow allocation at any
geographic level. This stringent definition of commuting
flows often works well in major employment areâs
where workplace addresses tend to be more codable, but
flows become sparse to nonexistent in outlying areas.
Because much of the flow allocated to tract is not allo-
cated to place, there was concern that eliminating this
portion of the flow would sacrifice valuable informa-
tion. Therefore, the definition was relaxed to include
that portion of the flow requiring allocation to tract but

not to place. In other words, only that portion was re-
moved from the "total" flow that was so uncertain as to
require allocation to county, place, or both. The exam-
ple in Table 3 indicates the "flow used" based on this
definition. (Although the "relaxed definition" was used
for the standard'Workplace PRIZM product, results also
were produced with the "stringent definition" for use

where it might be judged preferable.)
Tract allocation can result in the misspecification of

tracts sending commuters to a tract of work and a dis-
tortion of the workplace cluster composition. The im-
pact is impossible to measure, but it can be mitigated by
âccurate geocoding to place. Because the relaxed defini-
tion requires geocoding to place, the residential tracts
paired with a workplace tract should be valid for the
place in which the workplace tract is located. In outlying
areas, where tract coding is most problematic, places

tend to be small, and geocoding to place can approach
the precision of geocoding to trâct. Defaulting to place
of employment would be most problematic in large cities
with many tracts. However, large cities tend to be major
employment centers, where geocoding is relatively
strong, and there tends to be less difference between the
stringent and relaxed definition of commuting flows. An
exception would be the unincorporated portions of large
counties, which can have many tracts and high rates of
tract allocation.

The consequences of tract allocation can be negated
in applications involving tract aggregations, and where
such aggregations include whole places, the stringent
definition would sacrifice valuable information. Even
for individual tracts, the impact of tract allocation can
be modest if the cluster mix brought to a workplace
through erroneous tract allocation is similar to that
brought in through accurate geocoding. In short, allo-
cation probably affects the extent of a cluster's contri-
bution to the workplace mix more than its presence or
absence.

Thus, tract allocation is a source of imprecision in the
current'l7orkplace PRIZM product, but the impact does
not offset the value of the unique capabilities made
possible by the census commuting flow data.

Block Group Clusters into tact-Level Flows

The'Workplace PRIZM sffategy was to transport resi-
dential cluster codes through a network of commuting
flows, and with PRIZM clusters defined for block
groups, one would want commuting flows specified at
this level. However, tract allocation rates suggest that
tract-to-tract flows are sufficiently daring. Tract-level
PRIZM codes are available, but their precision and use

levels are so much lower that their use in ïØorkplace
PRIZM rvr/as not seriously considered.
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The alternative was to feed block group cluster codes

into the tract-level commuting flows. Census tracts con-

tain from one to nine block groups, so up to nine cluster
codes had to be transported through each tract-to-tract
flow. Rather than weighting all block groups in a tract
equall¡ they were weighted according to the number of
workers in the block group-based on the 1990 census

journey-to-work tables. If an origin block group had 60

percent of a census tract's outbound workers, that block
group's PRIZM code was assigned a 60 percent weight
in the relevant tract flow. Note that these within-tract
weights are independent of the tract's weight relative to
others sending commuters to a specific tract of work.

Wompr¡,cE PRIZM Pnooucr

'Workplace PRIZM provides a distribution of PRIZM
clusters brought to the workplace by inbound com-
muters. The distribution relates to workers (including
those working at home or commuting within the tract)
and does not include nonworkers remaining in the area

or nonresidents arriving for nonwork purposes. The
workplace cluster mix does not necessarily reflect
the life-styles of individual workers, but rather the

composite life-style and consumer preferences of the
neighborhoods from which they commute'

'Süorkplace PRIZM distributions can be viewed in per-

centage terms, but for many applications, counts of work-
ers by cluster fype are desired. Basing such counts on total
inbound commuters from STP 154 would place additional
pressure on the allocation-laden tract flows and preclude

estimates for the current year. For this reason, 
'Workplace

PRIZM percentages were applied to independent esti-

mates of tract-level employment produced by Claritas'

[Using input from a business list compiled by a commer-

cial supplier and geocoded by Claritas, the Claritas em-

ployment estimates also are subject to the limitations of
workplace address coding but are based on more recent in-
put and are adjusted for conformity with employment es-

timates from the Bureau of Labor Statistics and the Census

Bureau's County Business Patterns series (3).]

As expected, Workplace PRIZM draws contrasts be-

fween residential and workplace compositions, with the

workplace reflecting greater diversity. The differences are

striking, even for areas as large as Manhattan, whose 886

block groups are assigned to only 13 life-style clusters. In
part, this is because clusters in the "suburban," "town," or
"rural" cluster groups are not assigned in areas as urban
as Manhattan. In contrast, all 62 clusters are represented

(albeit sparsely) in Manhattan's workplace composition.

As illustrated in Table 4r "natíve" clusters' such as Urban
Gold Coast, Hispanic Mix, Bohemian Mix, and Inner
Cities, are well represented in the workplace mix. How-
ever, affluent suburban clusters, such as'Winner's Circle,

Blue Blood Estâtes, and Pools & Patios, also have a signif-

icant presence, as does Old Yankee Rows, an urban clus-

ter more typical of Brooklyn and Queens. Clusters least

represented among commuters to Manhattan include

Rural Industria, Grain Belt, and Back Country Folks'

Table 5 illustrates a similar contrast for a census tract
in midtown Manhattan. The tract had a 1'990 census

population of only 320 people living in block groups as-

signed to the Single City Blues and Young Literati clus-

ters. The inbound commuting flow is much larger at

53,36L, and only 7.6 percent come from areas assigned

to the fwo "nâtive" clusters. The largest numbers come

from neighborhoods classified as Urban Gold Coast
(17.5 percent), Old Yankee Rows (10.3 percent)' and

Bohemian Mix (8.8 percent). (Of the 53,361. inbound
commuters, 20,257 were allocated to tract 102.00. Esti-

mated employment from the Claritas Workplace Popu-

lation product is 38,139. \üØorkplace PRIZM counts are

based on this smaller number.)
The pattern of greater workplace diversity is in part a

reflection of reality and in part an artifact of the prod-
uct's design. By definition, tracts have no more than nine

block groups and therefore a maximum of nine block
group clusters. A typical tract might have four block
groups assigned to just two clusters-{lusters that reduce

demographic composition to a single code. By drawing
from commuters' tracts of residence,'Workplace PRIZM
casts a wide net and can associate up to 62PRIZM codes

for a single tract of employment. Thus by design alone,
'Workplace PRIZM will show greater diversity. Never-
theless, there is reason to expect that PRIZM and Iíork-
place PRIZM reflect real and important differences in
residential and workplace compositions.

AppucRttoNs

VØorkplace PRIZM is not a replacement for standard
PRIZM but a supplement that measures life-style and

consumer preference patterns that are not detected by
the residence-based product. A product might appear to
have unimpressive sales potential based on an area's res-

idential cluster composition but look promising on the

basis of the workplace composition. In PRIZM terms'
the product would be said to have a low market poten-
tial index (MPI) but a high workplace potential index
(Y/PI). (MPI and'SüPI are index scores relative to na-

tional penetration rates measured by consumer surYeys.

If 20 percent of consumers nationwide own a product
but a site's PRIZM profiles suggest only a 15 percent

penetration, the MPI for that area would be 7 5.In con-

trast, the areat Workplace PRIZM composition might
suggest a25 percentpenetration, or a WPI score of 125.)

Table 6 presents MPI and WPI scores for a small sam-

ple of product categories in the Manhattan tract (102.00)



TABLE 4 Percent Cluster Compositions: Manhattan, New York City

Cluster
Groun Cluster Cluster Nickneme

Residential
PRIZM

Workplace
PRIZM

s 0l Blue Blood Est¡tcs 0.00 2.7?

s 02 Winncfs Circle 0.00 3.76

S 03 Exccutive Suiles 0.00 t.22
s M Pools &Patios 0.00 2.75

s 05 Kids & Cul-dc-Sacs 0.00 2.27

UI 06 Uôan Gold Coast 30.73 15.32

UI 07 Moncv &Brains 0.01 3.90

UI 08 Younq Litcrati 4.50 5.9
UI 09 AmcricanD¡eams 0.00 5.54

U 0 Mi 17.89 9.17

cl Sccond CitvElitc 0.00 1.35

cl 2 UowrdBomd 0.00 o.52

cl 3 Gr¡v Power l.E7 1.69

TI 4 Counüv Squircs 0.00 1.06

TI l5 Godb Co¡mtrv 0.00 o.70

TI 6 Bi¡ Fish Small Pond 0.00 0.19

TI 7 C*ccnbclt Familics 0.00 0.06

s2 E Yous Influentials 0.00 0.31

s2 9 Ncw EmÞty Nests 0.00 0.86

s2 20 Boomcrs & Babies 0.00 0.0t
s2 2l Suburban Sorawl 0.00 0.47

s2 22 Blue-Chin Blucs 0.00 0.41

s3 2? Uost¡¡ts & Scniors 0.00 0.22

s3 24 NewBæimim 0.00 0.05

s3 25 MobilitvBlues 0.00 0.09

s3 26 G¡av Colla¡s 0.00 0.20

tJ2 27 I ltå¡n Á 269 4.9
u2 28 Bic Ciw Blcnd 0.t2 1.49

u2 29 Old Yankcc Rows s.73 1.26

v2 30 Mid-CitvMix 0.00 2.60

u2 3l f ¡finn Ân¡ri¡¡ 0.08 3.81

c2 32 Middlebr¡r Manarcrs 0.00 0.09

e2 33 Boomtown Sindcs 0.00 0.04

c2 34 Sta¡tcr Families 0.00 0.09

c2 35 Sr¡nsct CiW Blucs 0.00 0.05

c2 36 Tourns & Gowns 0.51 0.16

T2 37 Ncw Homcstc¿dcrs 0.00 0.0E

ï 3E MddleAmerica 0.00 0.02

T2 ?9 Red- Whitc & Blucs 0.00 0.03

TI 4 Milit¡¡v O¡a¡ten 0.2t 0.14

RI 4l Rio Slru I'¡mili 0.00 0.10

RI 42 NcwEco-tooia 0.00 0.0t
RI 4? Þiva Cifv llSÂ 0.00 0.03

RI 4 Shotcurs & Pickr¡Ds 0.00 0.01

U3 45 Sinol¡ ôitw Elhræ 4.94 2.&
U3 46 Hisoanic Mix 19.49 7.13

U3 47 Inncr Cities 1.26 4.61

c3 4t Smalltown Downtown 0.00 0.02

c3 49 HomcùownRcti¡ed 0.00 0.07

c3 50 Familv Sctamble 0.00 0.04

c3 5l Soutlrside Citv 0.00 0.08

T3 52 GoldcnPonds 0.00 0.02

T3 53 Rrml T 0.00 0.00

T3 54 Norma Rac-villc 0.00 0.01

T3 55 Mincs&Mills 0.00 0.01

R2 56 Aøi-Busine¡< 0.00 0.01

R2 57 GninBelt 0.00 0.00

R3 58 Bluc Hidrwavs 0.00 0.02

R3 59 Pn¡ti¡ Elãm 0.00 0.03

tul 60 Back CountrvFolls 0.00 0.00

R3 6l Squb Pine Flats 0.00 0.00

R3 62 Ha¡d Scr¿bblc 0.00 0.00



TABLE 5 Percent Cluster Compositions: Manhattan,Ttact 102.00

Cluster
Group Cluster Cluster Nickname

Residential
PRIZM

lVorkplace
PRTZM

sl 0l Bluc Blood Estates 0.00 4.t4
SI 02 Winnc/s Ci¡clc 0.00 4_85

sl 03 Executive Suitcs 0.00 1.67

sl 04 Pools &Patios 0.00 2.97

s1 05 Kids & Cul-de-Sacs 0.00 2.to
UI 06 U¡üur Gold Coast 0.00 r7.49

UI 07 Monev & Brains 0.00 4.17

UI 08 Younc Literati 3.08 s.57

UI 09 American Dreams 0.00 5.04

UI l0 Bohemia¡rMix 0.00 8.79

cl Sftôñ¡ aih, Flitê 0.00 1-52

cl L2 UpwardBormd 0.00 0.56

cl t3 Grav Power 0.00 1.75

TI t4 Countsv Souircs 0.00 t.g
TI 5 Gods CounW 0.00 0.74

T1 6 Bic Fish Small Pond 0.00 0.18

T1 7 Crccnbclt Familics 0.00 0.05

S2 8 Younc l¡lluentials 0.00 o.Æ

s2 9 New Em¡tv Ncsts 0.00 0.81

S2 20 Boomers & Babics 0.00 0.07

s2 2l Suburban Sprawl 0.00 0.55

s2 22 Blue-Chio Blucs 0.00 0.36

s3 23 Ilmta¡ts & Seniom 0.00 0.2t

s3 u NewBeci¡ni¡as 0.00 0.05

s3 25 h/fnhilitv Ell,rpr 0.00 0.08

S3 26 Grav Colla¡s 0.00 0.17

v2 27 I1rh¡n Â¿l 0.00 4.6
u2 28 Biq Citv Blend 0.00 L58

TJ2 29 Old Yankee Ror¡n 0.00 10.26

\J2 30 Mid-CitvMix 0.00 2.20

U2 3l T atinn Ân¡ric¡ 0.00 4.1

c2 t2 Mddlcbtuc Manaccrs 0.00 0.05

c2 33 Boomtown Sindcs 0.00 0.07

c2 34 Starter Familics 0.00 0.05

C2 35 Sunset Citv Blucs 0.00 0.03

c2 36 Tow¡u & Gowns 0.00 0.13

T2 ?7 New Homcstcaders 0.00 0.11

T2 38 Mddle Amcrica 0.00 0.01

T2 39 Red Whitc &Blues 0.00 0.05

12 4 Milit¡nr Oua¡tcn 0.00 0.03

RI 41 Biq Skv Families 0.00 0.ll
RI 42 Ncw Eco-topia 0.00 0.06

RI 43 River Citv- USA 0.00 0.05

RI 4 Shotsr¡rs &Pickuos 0.00 0.00

U3 45 p (ritv Êl¡ 96.92 2.05

U3 4 I{ispanic Mix 0.00 5.09

U3 47 Inner Citis 0.00 3.22

c3 ,t8 Smalltown Downtown 0.00 0.03

c3 49 Hometown Rctired 0.00 0.04

c3 50 Famiþ Scramble 0.00 0.02

c3 5l Sn,rfhciia ñifw 0.00 0.09

T3 52 GoldenPonds 0.00 0.02

T3 53 Ru¡al InduFia 0.00 0.00

T3 54 NormaRae-ville 0.00 000

T3 55 Mincs&Mlls 0.00 0.01

R2 56 Âfü- 0.00 0.02

R2 5'l GrainBelt 0.00 0.02

R3 58 BlucHidrwavs 0.00 0.02

Rit 59 Prxti¡ El¡lan 0.00 0.02

R3 60 Back Countrv Folks 0.00 0.00

R3 6l Scn¡b Pine Flats 0.00 0.00

R3 62 Ha¡d Scrabble 0.00 0.00



HODGES 1.77

TABLE 6 Residential and Workplace Product Potential:
Manhattan, Tract 102.00

Fine Jewelry $400+ Last Yr.
Have a Passport
Own PagerslBeepen
Own $10000+ Computer System

6.2 113 109

16.4 109 193

4.0 106 132
t3-4 96 tt7

80 169
2.3 7l t64

14.3 63 92

Gourmet Coffee Beans L¡st 6 Mos. 3.5
3+ Business Trips by Plane
Own LuxurT Size Car
Own Cellular Phone
Own Gas Grill
Own ¡ Mercedes 0.E 6 130

the workplace population. Transporting neighborhood
clusters with individual commuters leaves ample room
for uncertaint¡ and improvements in the geocoding of
workplace addresses are needed to refine even these
neighborhood-based specifications.

However,'Workplace PRIZM accurately reflects that
the workplace is populated with commuters from varied
neighborhoods, with characteristics different from those
of its residential population. The combination of PRIZM
segmentation, small-area employment estimates, and
1990 census commuting flows enables one to specify
life-style and consumer preference patterns from the
unique perspective of the workplace. Thus, even in its
present form,'Workplace PRIZM provides valuable in-
formation that was previously unavailable and that is
akeady being used in a variety of business applications.
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MPI = M¡rket Potential Inder (Residence)

WPI = \ilorkpl¡ce Potenti¡l Index

described above. The scores are similar in some cate-
gories, such as the purchase of fine jewelr¡ but quite
different in others. For example, on the basis of the resi-
dential and workplace cluster compositions, one would
expect a greater demand for gourmet coffee beans among
the workplace population (ìøPI : 1,691thanthe residen-
tial population (MPI : 80). Similarly, one would expect
the tract's workers to be more likely than its residents to
be in the market for pagers, cellular phones, and products
associated with international and domestic air travel.

Marketers must use judgment, because a high ]ùlPI

score does not guarantee demand for purchase within
the tract. For example, the impressive \ü7PI for Mercedes
ownership does not mean that this midtown tract would
be a good location for a dealership. However, evidence

that Mercedes owners are well represented in the area's
large workplace population could be valuable in a

variety of marketing applications.

CoNcrusroN

If life-style clusters assume that "you are where you liver"
workplace clusters assume that "you are where you live
even \Mhen you are at work." Obviousl¡ the world is not
that simple. PRIZM clusters do not reflect the life-style
and consumer preferences of every person in an atea, and
'tü(/orkplace PRIZM is not a definitive characterization of


